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1 Is designing a neural network application an art or a science? 
Roman Erenshteyn, Richard Foulds, Scott Galuska 

July 1994 ACM SIGCHI Bulletin, Volume 26 issue 3 

Full text available:^) pdf(665. 19 KB) Additional Information: full citation , abstract , index terms 

Both the danger and the attraction of pattern recognition problems lie in their simplicity. 
When investigators first approach such a problem, they may, with an easiness which 
borders on carelessness, utilize the methods most familiar to them; and... they sometimes 
receive satisfactory results. More often, they are haunted by troubles. Only a good 
understanding of the problem will permit them to solve it. The quality of problem solving 
depends on the investigator's abilities, experience, knowledg ... 

2 Modeling methodology: Model abstraction for discrete event systems using neural 
networks and sensitivity information 

Christos G. Panayiotou, Christos G. Cassandras, Wei-Bo Gong 

December 2000 Proceedings of the 32nd conference on Winter simulation 

Full text available: ^£| pdf(1 01 .82 KB) Additional Information: full citation , abstract , references 

Simulation is one of the most powerful tools for modeling and evaluating the performance 
of complex systems, however, it is computationally slow. One approach to overcome this 
limitation is to develop a "metamodel". In other words, generate a "surrogate" model of the 
original system that accurately captures the relationships between input and output, yet it 
is computationally more efficient than simulation. Neural networks (NN) are known to be 
good function approximators and thus make good metam ... 

3 A learning method for neural networks with a subordinate evaluation function 
Kenji Ohkuma 

March 1992 Proceedings of the 1992 ACM/SIGAPP symposium on Applied computing: 
technological challenges of the 1990's 

Full text available: fi£ |pdf(396.27 KB) Additional Information: full citation , references , index terms 



Modeling II: 3D object reconstruction and representation using neural networks 
Lim Wen Peng, Siti Mariyam Shamsuddin 

June 2004 Proceedings of the 2nd international conference on Computer graphics and 
interactive techniques in Australasia and Southe East Asia 
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Full text available: ^ pdf(468.49 KB) Additional Information: full citation , abstract , references 

3D object reconstruction is frequent used in various fields such as product design, 
engineering, medical and artistic applications. Numerous reconstruction techniques and 
software were introduced and developed. However, the purpose of this paper is to fully 
integrate an adaptive artificial neural network (ANN) based method in reconstructing and 
representing 3D objects. This study explores the ability of neural networks in learning 
through experience when reconstructing an object by estimating it ... 

Keywords: affined transformation, back propagation, multilayer feed-forward neural 
networks, object space, reconstruction, representation, third order polynomial 



Re ports: Protein matching with custom neural network objective functions 
David S. Vogel, Eric Gottschalk, Morgan C Wang 

December 2004 ACM SIGKDD Explorations Newsletter, volume 6 issue 2 

Full text available:^ pdfd 55.45 KB) Additional Information: full citation , abstract , references 

This 2004 KDD Cup presents a perfect case where the usual neural network objective 
functions do not apply. While the contest problem consisted of 4 different entries with 4 
different objective functions, this paper will focus on the solution optimizing GRMSE 
(Grouped Root Mean Squared Error). It will be shown that the more typical objective 
functions (including RMSE) cannot be as effective at meeting this criteria. While this 
objective function may be specific to this problem, and the reader may ... 

Keywords: KDD, KDD Cup, MITCH, classification, homology, machine learning, neural 
networks, objective functions, protein 



Defect prediction with neural networks 
Robert L. Stites, Bryan Ward, Robert V. Walters 

May 1991 Proceedings of the conference on Analysis of neural network applications 

Full text available: ^ pdf(620.63 KB) Additional Information: full citation , references , index terms 



7 Performance comparison of neural networks and pattern recognition techniques for 
classifying ultrasonic transducers 
M. S. Obaidat, D. S. Abu-Saymeh 

March 1992 Proceedings of the 1992 ACM/SIGAPP symposium on Applied computing: 
technological challenges of the 1990's 

Full text available: Q pdfd. 03 MB) Additional Information: full citation , references , index terms 



8 PROMS: a PRO-active Monitoring System for SS7 networks 
Ren-Hung M. Hwang, Pao-Ta M. Yu 

February 2000 International Journal of Network Management, Volume 10 issue l 
Full text available: ^pdf(379.71 KB) Additional Information: full citation , abstract, references , index terms 

In this paper, we propose a PRO-active Monitoring System &lpar;PROMS&rpar; for SS7 
networks, which actively monitors all signaling network management messages of SS7 
networks, alerts operators when there is a potential network error, and provides intelligent 
diagnosis based on fuzzy logic and neural networks. Copyright © 2000 John Wiley & Sons, 
Ltd. 
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9 Evolving and messaging decision-making agents 
Edmund S. Yu 

May 2001 Proceedings of the fifth international conference on Autonomous agents 

Full text available:^] pdf(240.53 KB) Additional Information: full citation , abstract , references , index terms 

In this paper we describe our neurogenetic approach to developing a multi- agent decision 
support system which assists users in gathering, merging, analyzing, and using information 
to assess risks and make recommendations in situations that may require tremendous 
amounts of time and attention of the users. In Phase I of this project, called the EMMA 
project, we demonstrated the feasibility of a set of solutions to various problems by building 
an intelligent agent application that makes reco ... 

Keywords: adaptation and learning, agent communication languages, evolution of agents, 
information agents, multi-agent communication/collaboration 



10 Methods to speed up error back-pro pa gation learning al g orithm 
Dilip Sarkar 

December 1995 ACM Computing Surveys (CSUR), volume 27 issue 4 

Full text available:^ pdf(1. 86 MB ) Additional Information: full citation , references , citings , index terms 





Keywords: adaptive learning rate, artificial neural networks, conjugate gradient method, 
energy function, error back-propagation learning, feedforward networks, learning rate, 
momentum, oscillation of weights, training set size 



11 Multimedia data mining: Automatic classification of speech and music using neural 
networks 

M. Kashif Saeed Khan, Wasfi G. Al-Khatib, Muhammad Moinuddin 

November 2004 Proceedings of the 2nd ACM international workshop on Multimedia 
databases 

Full text available: ^ pdfd .67 MB) Additional Information: full citation , abstract , references , index terms 

The importance of automatic discrimination between speech signals and music signals has 
evolved as a research topic over recent years. The need to classify audio into categories 
such as speech or music is an important aspect of many multimedia document retrieval 
systems. Several approaches have been previously used to discriminate between speech 
and music data. In this paper, we propose the use of the mean and variance of the discrete 
wavelet transform in addition to other features that have ... 

Keywords: audio features, audio signal processing, content-based indexing, music speech 
classification, neural networks 



12 Poster papers: Extracting decision trees from trained neural networks | 
Olcay Boz 

July 2002 Proceedings of the eighth ACM SIGKDD international conference on 
Knowledge discovery and data mining 

Full text available: ^ pdf(683.99 KB) Additional Information: full citation , abstract , references , index terms 

Neural Networks are successful in acquiring hidden knowledge in datasets. Their biggest 
weakness is that the knowledge they acquire is represented in a form not understandable to 
humans. Researchers tried to address this problem by extracting rules from trained Neural 
Networks. Most of the proposed rule extraction methods required specialized type of Neural 
Networks; some required binary inputs and some were computationally expensive. Craven 



http://portal.acm.org/resultsxfm?coll=ACM&dl=ACM&CFID=5010 8/5/2005 



Results (page 1): neural network error sum Page 4 of 5 



proposed extracting MofN type Decision Trees from Neur ... 

13 Training hard to learn networks using advanced simulated annealing methods 
Bruce E. Rosen, James M. Goodwin 

April 1994 Proceedings of the 1994 ACM symposium on Applied computing 

Full text available: ^] pdf(501.81 KB) Additional Information: full citation , references , in dex terms 



Keywords: backpropagation, neural networks, optimization, simulated annealing 



14 O pening the neural network black box: an al g orithm for extractin g rules from function 
ap proximating artificial neural networks 
Rudy Setiono, Wee Kheng Leow, James Y. L Thong 

December 2000 Proceedings of the twenty first international conference on 
Information systems 

Full text available: 1 ^ pdf(206.40 KB) Additional Information: full citation , references , index terms 



Keywords: decision rules, knowledge acquisition, neural networks 



15 Continuous learning: a design methodology for fault-tolerant neural networks 
Vincenzo Piuri 

June 1990 Proceedings of the third international conference on Industrial and 

engineering applications of artificial intelligence and expert systems - 
Volume 2 

Full text available: ^ pdf(1.36 MB ) Additional Information: full citation , abstract , references, index terms 

Fault tolerance in artificial neural networks is an important feature, in particular when the 
application is critical or when maintenance is difficult. This paper presents a general design 
methodology for designing fault-tolerant architectures, starting from the behavioral 
description of the nominal network and from the nominal algorithm. The behavioral level is 
considered to detect errors due to hardware faults, while system survival is guaranteed by 
the reactivation of learning mechanisms ... 

16 Full pa pers: Toward V&V of neural network based controllers 
Johann Schumann, Stacy Nelson 

November 2002 Proceedings of the first workshop on Self-healing systems 

Full text available: ^ pdf(263.46 KB) Additional Information: full citation , abstract , references 

Online adaptation is a powerful means to handle unexpected slow or catastrophic changes 
of the system's behavior (e.g., a stuck or broken rudder of an aircraft). Therefore, 
adaptation is one way for realizing a self-healing system. Substantial research and 
development has been made to use neural networks (NN) for such tasks (e.g., integrated in 
various unmanned helicopters and test-flown on a modified F-15 aircraft). Despite the 
advantages of adaptive neural network based systems, the lack of me ... 

17 Error recognition for rehabilitation and microsurgery 
Cameron N. Riviere, Pradeep K. Khosla 

September 1998 Proceedings of the sixth ACM international conference on Multimedia: 
Face/gesture recognition and their applications 

Full text available:^ pdf(326.03 KB) Additional Information: full citation , references , index terms 
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18 On the power of sigmoid neural networks 
Joe Kilian, Hava T. Siegelmann 

August 1993 Proceedings of the sixth annual conference on Computational learning 
theory 

Full text available: Qpdf(690.10 KB) Additional Information: full citation , references , index terms 



19 Combining artificial neural networks and statistics for stock-market forecastin g 
Shaun-Inn Wu, Ruey-Pyng Lu 

March 1993 Proceedings of the 1993 ACM conference on Computer science 

Full text available: HQ odf (969.65 KB) Additional Information: full citation, abstract, references , citings, index 

terms 

We have developed a stock-market forecasting system based on artificial neural networks. 
The system has been trained with the Standard & Poor 500 composite indexes of past 
twenty years. Meanwhile, the system produces the forecasts and adjusts itself by 
comparing its forecasts with the actual indexes. Since most of stock-market forecasting 
systems are based on some kind of statistical models, we have also implemented a 
statistical system based on Box-Jenkins ARIMA(p,d,q) model of ... 

20 S pecial issue on word sense disambiguation: Disambi g uatin g hi g hly ambi g uous words 
Geoffrey Toweil, Ellen M. Voorhees 

March 1998 Computational Linguistics, Volume 24 issue l 

Full text available:^ (f| 

MB )_ v O i Additional Information: full citation , abstract , references , citings 
Publisher Site 

A word sense disambiguator that is able to distinguish among the many senses of common 
words that are found in general-purpose, broad -coverage lexicons would be useful. For 
example, experiments have shown that, given accurate sense disambiguation, the lexical 
relations encoded in lexicons such as WordNet can be exploited to improve the 
effectiveness of information retrieval systems. This paper describes a classifier whose 
accuracy may be sufficient for such a purpose. The classifier combines the ... 
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Digital Object Identifier 10.1 109/82.285706 

AbstractPlus | Full Text: PDF(1144 KB) IEEE JNL 

4. A reference model approach to stability analysis of neural networks 
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Systems, Man and Cybernetics, Part B, IEEE Transactions on 
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Digital Object Identifier 10.1 109/TSMCB.2002.804368 

AbstractPlus | References | Full Text: PDF(810 KB) IEEE JNL 
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Digital Object Identifier 10.11 09/SICE.2001 .977843 

AbstractPlus | Full Text: PDF(294 KB) IEEE CNF 
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Telecommunications Symposium, 1998. ITS '98 Proceedings. SBT/IEEE Interr 
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AbstractPlus | Full Text: PDF(340 KB) IEEE JNL 
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Zheng Pei; Keyun Qin; Yang Xu; 

Systems, Man and Cybernetics, 2003, IEEE International Conference on 
Volume 5, 5-8 Oct. 2003 Page(s):4974 - 4979 vol.5 
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